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[ Abstract ]

stroke treatment and care is enormous. The application of big data can effectively assist the diagnosis and treatment of stroke,

Stroke is the main cause of death and disability among residents worldwide, and the economic burden of

reduce disease recurrence rate and improve patients” prognosis, and provide evidence for the adjustment of public health policies.
This article introduces the advantages and methods of big data application in the field of stroke, as well as the application of
national large databases in the field of stroke, in order to provide reference for clinical medical personnel to use big data for high—
quality stroke clinical and nursing research.
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