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[ Abstract ]

rhythm can cause serious complications such as acute stroke. However, there are no obvious symptoms when atrial fibrillation

Atrial fibrillation is a common type of arrhythmia. Its incidence increases with age, and its irregular heart

attacks, and patients are often diagnosed for the first time after embolization events. In recent years, with the development of
artificial intelligence technology, machine learning can help clinicians identify people with high risk of atrial fibrillation. This

article reviews the application progress of machine learning in screening and management of atrial fibrillation, in order to improve

clinicians” understanding of machine learning.
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